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[Abstraci]

With the rapid development of ICT technology along with the 4th industrial revolution, in the field of Traditional Korean
medicine. we also analyze data on obesity and complications for preventive management of yoyo phenomenon, custom medical
treatment such as improvement of complications, and medical examination. Various ICT technologies have been introduced and
studied. From the viewpoint of Traditional Korean medicine, iris is an institution that expresses the singularity of the human
body. Iris is directly connected to the brain, and the biomarkers displayed on the body are reflected in the iris. In this study, we
try to classify the brain disease-related biomarkers indicated by the iris by learning the iris image-based map of the causes of
dementia induction in brain diseases. As a result of the experiment using the proposed algorithm, the learning time is about 26
minutes, the learning accuracy is 99%, the loss rate is 1%, the accuracy of the test data is 91%, and the loss rate is 17.4%.
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